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METHODS FOR SELECTING MODELS OF FUNCTIONING OF MULTICOMPONENT
INFORMATION AND ENVIRONMENTAL SYSTEMS

METOJIU BUBOPY MOJIEJIEN ® YHKIIIOHYBAHHS BATATOCKJIATOBUX
TH®OPMAIIMHUX TA IIPUPOJOTEXHIYHAX CUCTEM

The article discusses an approach to assessing the quality of functioning of multicomponent
systems and choosing the best options for managing their components. The author emphasizes the im-
portance of choosing effective models for the functioning of modern information and natural-technical
systems, which is becoming a key task in the design, analysis, and operation of such systems.

The article investigates the problem of choosing models of functioning of multicomponent in-
formation and natural and technical systems. The authors point to the complication of this process due
to an incomplete description of the system, limited availability of information and the difficulty of find-
ing a compromise between the quality indicators of the functioning of multicomponent systems. The
article notes that the underestimation of alternatives, the difficulty of choosing the optimal solution,
and the inefficiency of the system are the causes of these problems. The authors argue that correcting
the terms of reference requires significant resources, which increases the cost of designing and oper-
ating systems, and note that high-quality models and methods for evaluating and selecting system de-
sign options are needed to achieve optimal results. The concept of the moment in time when the opera-
tion of each subsystem begins and the conditions that must be met for its optimal functioning are in-
troduced. The authors study the quality assessment using a set of criteria, taking into account various
options for complex systems. The authors propose an algorithm for optimal control selection for each
component based on the best combinations of its components in multi-component information and
natural-technical systems. The article proves a theorem on the choice of options for a complex control
system, which demonstrates that this process occurs by eliminating unacceptable types of governing
laws and technical implementations. The authors propose a procedure for selecting options for a con-
trol system consisting of two stages: screening out unacceptable types of governing laws and their
technical implementations. This approach allows to ensure that the system meets the requirements of
quality of functioning using the optimal level of resources.

Keywords: multicomponent systems, complex systems, models, control systems, choice of
functioning models.

Y ecmammi posensioaemvcs nioxio 00 oyinku AKocmi YYHKYIOHY8AHHS OA2AMOKOMNOHEHMHUX
cucmem ma uOOPy ONMUMALLHUX 6aPIAHMIE YIPAGLIHHS IX KoMnoHenmamu. Haeonowyemvcs na easic-
ausocmi aubopy epexmugnux mooeneti 0iisi PYHKYIOHYBAHHS CYYACHUX THHOPMAYTIHUX Ma NPpUPOOHO-
MEXHIYHUX CUCEM, WO CIAE KII0YOBUM 3A80AHHAM Y NPOEKMYBAHHI, AHANI3I MA eKCNIyamayii maxkux
cucmenm.
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Y cmammi Oocnidocyemvcs npobrema eubopy mooenetl QyHKYiOHY8aHHA 0A2amocKia008ux
iHGhopMmayitinux ma npupoOHo-mMexHiuHux cucmem. A6mopu Ka3yloms Ha YCKIAOHEHHS Yb020 Npoyecy
yepe3 HeNmoGHUL ONUC CUCTHEMU, 00MediCeHy 0OCMYNHICMb iHpopMayii ma CKIaoHicmb NOULYKY KOMA-
POMICY MidIC ROKAZHUKAMU SAKOCMI (YYHKYIOHY8AHHS 6a2amockiadosux cucmem. B cmammi 3a3nava-
€MbCA, WO HEOOOYIHKA AbMEPHAMUG, YCKAAOHEHHS GUOOPY ONMUMATBHO20 PIUEHHS Ma HeeheKmug-
HICTb cucmeMu Cmaroms NPUYUHAMYU BUHUKHEHHS YuX npoonem. AGmopu cmeepoicyiomn, wo KOpeKyis
MEeXHIYHO20 3A80AHHS BUMALAE 3HAYHUX PECcypPCis, w0 30itbulye GUMpamu Ha NPOEKMYBAHHS MA eKC-
nayamayilo cucmem i 3a3Ha4aromyv, wo 0jisi 00CACHEHH ONMUMALLHUX Pe3yIbmamie HeoOXiOHI AKICHI
Mooeni ma Memoou oYinKu ma eubopy eapianmie npockmyg8anHs cucmem. Beedeno nonamms momen-
my yacy, Koau poboma KoICHOI niocucmemu NOYUHACMbCS, A YMOBU, SAKI MAOMb OVMU UKOHAMT 015
il onmumanvroeo Qynxyionysanus. Jocnioxcyemvcsa oyinka AKocmi 3a O0NOMO2010 CYKYRHOCMI Kpu-
mepiis, paxoeyrouU Pi3Hi eapianmu cKIaoHuUx cucmem. AGmopu nponoHyOms ai2opumm OnMmMuMaibHoO-
20 8UOOPY YNPAGLIHHA 0I5l KOHCHO20 KOMNOHEHMY HA OCHOGI HAUKpauux KOMOIHAYIl 1020 CKIA008UX 6
bacamockiadosux iHGoOpMayitiHux ma npupoOHO-mexHiyHux cucmemax. B cmammi dogedeno meopemy
npo eubip eapianmie cKIAOHOI cucmemu YNpaeiinHs, sIKa 0eMOHCMPYE, wo yell npoyec 8i00ysacmucs
ULIAXOM BIOCIHOBAHHS HENPUUHAMHUX MUNIE KEPYIOYUX 3aKOHI8 ma mexHiuHux peanizayit. Aemopamu
3anponoHOB8aAHA NPoyeodypa eUOOPY 6aAPIAHMIE CUCEMU YIPAGTIHHA, WO CKIAOAEMbCS 3 080X emanis:
8I0CII068AHHS HENPUUHAMHUX MUNI@ KePYIouUx 3aKoHie ma ix mexniunux peanizayii. Taxuil nioxio 0o-
380715€ 3a0e3neuumu iON0GIOHICMb CUCTHEMU BUMO2AM SIKOCMI YHKYIOHYBAHHS GUKOPUCTHOBYIOUU ON-
MUMANbHULL PiGeHb pecypCis.

Knrouosi cnosa: bazamocknadosi cucmemu, CKIAOHI cucmemu, Mooeni, cucmemu Ynpasnins,
8uUbopu mooenel OyHKYIOHYBAaAHHS.

Problem’s Formulation

The problem of choosing models for the functioning of multi-component information and en-
vironmental systems is complicated by an incomplete description of the system, limited availability of
information, and the difficulty of finding a compromise between system indicators. This leads to an
underestimation of alternatives, difficulty in choosing the optimal solution, and inefficiency of the sys-
tem. Correcting the terms of reference requires significant resources, which increases the cost of de-
signing and operating multi-component information and environmental systems. Thus, the process of
selecting models for the functioning of complex systems requires careful analysis, consideration of
many factors, and a large number of expert opinions to achieve optimal results, which requires high-
quality models and methods of evaluation and selection.

Analysis of recent research and publications

Modern information and environmental systems play a key role in various fields, from science
and technology to economics and social aspects. The growing volume of data and complexity of these
systems create the need to choose effective models for their operation [1]. Multi-component informa-
tion and natural systems are complex systems consisting of many interconnected components that can
be of different nature (information, technical, biological, etc.). Choosing a model of system functioning
is an important task that affects the efficiency of designing, analyzing, and operating these systems. The
problem of choosing the most appropriate models arises from the need for accurate predictions, system
efficiency, and its ability to adapt to changing conditions [2].

One of the key challenges is the complexity of the system itself and its interaction with the en-
vironment. For example, in information systems that process large amounts of data, models with a
high degree of adaptability and speed are required [3]. In natural engineering systems, such as ecolog-
ical or climate systems, models are needed that take into account multidimensional interrelationships
and the dynamics of changes over time. Another problem is the availability of various modeling me-
thods, each of which has its own advantages and limitations [4]. To solve these problems, scientists
use a variety of methods, including machine learning, simulation modeling, statistical methods, and
neural networks. For example, modern information systems often use machine learning algorithms to
predict and classify data. In natural engineering systems, simulation modeling allows to take into ac-
count complex interactions and dynamics of changes, making forecasting more accurate. In addition,
statistical methods allow to take into account the uncertainty and risks associated with the functioning
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of systems [5]. Choosing models for the functioning of multicomponent information and environmen-
tal systems is a complex process that requires consideration of various aspects, such as system com-
plexity, prediction accuracy, and model efficiency.

Modern research offers a variety of model selection methods, including machine learning al-
gorithms, simulation modeling, and statistical approaches. Scientists note that the choice of a model
for the functioning of multicomponent information and environmental systems is complicated by a
number of factors: complexity — systems may have a large number of components with different cha-
racteristics and behaviors, which complicates their modeling; uncertainty — systems may operate un-
der conditions of uncertainty, where not all factors affecting their functioning are known; multidimen-
sionality — systems may have many different characteristics, which makes it difficult to choose a
model that would adequately describe them [6—38].

Thus, it is important to continue research in this area to develop more accurate and efficient
methods that will optimize the functioning of complex systems in various applications.

Formulation of the study purpose

The purpose of this study is to develop and improve methods for selecting models of function-
ing of multicomponent information and environmental systems, focusing on the problems that arise at
several stages of the abstract design description [9]. Accordingly, the main goal is to solve complex
issues of choosing control laws in the subsystems of the system, taking into account their compatibility
and importance for achieving the main task of the system's functioning.

Presenting main material
Suppose that ¢, is the moment in time when the work of the subsystem of the i-th level begins,

where i =1,...,n. The "Output" of the subsystem of the i-th level is the "Input" of the subsystem of the
level i+1. The subsystem of the i-th level can function during the time A¢=t¢,, —¢,, provided that
i+k <n, where n is the number of levels multicomponent systems. An example of a multicomponent
system is shown in Fig. 1.

--------------------------------------------------------------------

level iy |

Fig. 1. An example of a multicomponent system

Assessment of the quality of functioning of multicomponent systems is performed using a set
of criteria f = { f (v)}, veV,wherel = {v j} — a set of variants of complex multicomponent systems

that meet the requirements of functioning (1)—(4):

il ot :{kjej(qj)}’jEJi(li)’qu’ (1

accordingly,
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where k; is the required number of elements ej(q ) € E; typej; E, is the set of possible modifica-

tions of elements ej( ) e E J(,) is the set of types of elements ej(q ) e Ej,q =1,...,{, required for

qj
the implementation of the /; -th variant in the i-th subsystem.

Vj = {ul(ll)"”’ui(ll«)"“’un(ln)}’i =1,...,n, (3)

it =TTv-i=t.n 4)

where n is the number of subsystems that start functioning at time ¢;.

accordingly,

The total indicator of the /-th subsystem of the i-th level will be as follows:

Zf( j =L...n, jeJiq)- ()

The option restriction function for the selection of multicomponent systems has the form:
gp(v)Sg;,pzl,...,q,qu; ©)
gp (V)Z g;,p =1,...,q9,q €Q.

Lemma: A complex control system for multicomponent systems that aims to achieve optimal system
performance is determined by the optimal control strategies in its individual components f; (v) .
Proof: Each component f; (v) is characterized by its own control method, among which the best con-

trol option is the best combination of its components, which collectively implement this control law.
In accordance,

s ()= S o) S| 3 k(o)) )

Jj= =1 ./ j:1 J pe_]/(l )

3

m
mmf ( )E Z mf( Vidlj.u;) )EZ Z kp [n;in(fi (ep(q,,)))J ’ (®)
= Y PeJj) g

where parameter k, = kﬁ is the specified step of the parameter values.

Theorem: System of constraints (9):
fi(v)zfl':(kO)’iEIl’llgl; (9)
fi(v)<fi (ky)siel, I, <1,

is compatible with the value of the parameter k, =k, at the A-th step only if the following conditions

are met:

1. Each optimal variant for any of the criteria f; (v) must lie within the permissible values
that meet the requirements:

N 10 (f f(mln)) ZEII’II cl
i (ko)=1 | (10)
f +— (f(max) fl ) 1612712 cl,

where p, is the vector of preferences p, € P; P is a set of parameter vectors.
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2. There is at least one optimal variant of the subsystem u Jil;) € Uj,j= 1,...,m, for which the

condition is fulfilled:

fl-(uj(lj,#j))zfl- |k0:k(;),,iell,ll cl;

—x (1D
ﬁ(uj(l/’[u/))ﬁf; |k0=k£”l 612,12 gl,
where ]_‘l* ‘k _h= fl-* (ké’)— /i, in accordance,
0~ "o

z.n}ax(fl- (up(lp))),iell,ll cl;

fl=1p% P
zn}ln(ﬁ (Mp(lp))),l 612,12 c I,
p*j *

3. There is a set of elements of the implementation of a complex system

Ep b (ké’ ), peJ J))> for which the following conditions are satisfied:

fl-(ep(qp))zfl- |k0:k(;),,iell,ll cl; a2)
ﬁ(ep(qp))ﬁﬁ |k0=k£”i612’l2 gl,

e
Ji i =/

h=
ko Zko kp

e )
where f; | , 1n accordance,

z kp.mlax(fl-(eq(lq))),iell,llgl;
9t ja;), 1
fie: q#p .
z kp‘n}ln(ﬁ(eq(lq))),l.EIz,lz gl
9/ ). 1
q#p

Proof: assume that v k) \vj- (ké’ ), where vj- (ké’ ) is an acceptable variant of the optimal multi-

component system, is included in the subset of valid options V" = {171( I H1)"""7i(1‘ y-)""’ﬁn(l u )},
’ 1°M n>~n

provided: VqS“p c Vq* (ké’),Vq =1,...n,q # j.
Since the assumption is made that ¥;"" is a subset of admissible variants of the optimal mult-

component system, f; (VS“p)Z fl-* (ké‘ ),i e I},I; < I, we obtain:
ﬁ(vj(,j,#j))zﬁ*(ké’)—Zfl-(ﬁq(,q,#q))zf,-*(ké’)—f,-(ﬁ\Uj)zfl-(ké‘)—fl-(v\Uj),ie11,11 cl,
q#j

accordingly, v ;) U; (ké’ ) The theorem is proved. m

Based on the above and condition (9), we can assume that the procedure for selecting options
for a multicomponent system consists of two main stages:

1. the types of governing laws are screened out in subsystems where elements with the optimal
value of the criterion are used f;, which do not allow creating alternatives for the entire system that
would satisfy conditions (9). If the control law in the subsystem, based on the elements with the optimal
value of the criterion f;, does not provide an opportunity to build an alternative for the entire system that

would meet the conditions (9), then its implementation on the elements with the worst values of the crite-
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rion is also impossible. Screening of such types of governing laws takes place during the verification of
the fulfillment of conditions (11) for the criterion f;, which allows to form a limited morphological set

of types of governing laws in the considered system for which these conditions are fulfilled [10].

2. for each type of control law included in the morphological set of control laws, variants of
technical implementation for which inequalities (12) are not fulfilled are screened out. This makes it
possible to form reduced morphological sets of technical implementation elements for each type of
control law that satisfies inequalities (12) according to the criterion f; .

Thus, the selection of variants of a complex control system [11] is carried out by sifting out
both the types of governing laws in the subsystems and the variants of elements of different types that
implement this governing law, adding it to the system clearly violates condition (9) [12].

Conclusions

The article considers the problem of managing multicomponent systems using optimal control
options in individual components of the system. The concept of the moment when the subsystem starts
operating and the assessment of the quality of functioning of multicomponent systems through criteria
are defined. It is noted that the best control option for each component is determined by the best com-
bination of its components. The process of selecting control system options consists of two stages:
screening out types of governing laws and technical implementation options that do not meet the re-
quirements. It is proved that the selection of optimal control system options is carried out by eliminat-
ing inappropriate types of governing laws and technical implementation options. This procedure is
aimed at ensuring that the system functions in accordance with the requirements and achieves the op-
timal result. This approach allows to effectively manage complex systems and ensure their stability
and reliability under various operating conditions.
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